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Abstract: In the context of a rapid digital transformation, digital competence is now regarded as a fourth cultural skill
complementing reading, writing, and arithmetic. We argue that a well-structured and sound competence model is needed as a
shared foundation for learning, teaching, pedagogical diagnostics and evaluative schemes in the school system. Every
competence model should build upon a consistent, theoretically sound framework for teaching and learning. We consequently
develop a competence model for digital competence by drawing on the concept of computational thinking as well as on general
learning taxonomies. By combining different knowledge and process dimensions with essential facets of computational thinking
a cube model of digital competence can be constructed. Hence, we develop and substantiate a structure model for digital
competence building upon the concept of computational thinking that goes beyond the existing frameworks only focusing on the
subject-related context and present this for discussion. The next step would then be to supplement the structure model with
specific learning objectives, so that developing approaches to teaching and learning digital competence has a sound basis.
Keywords: Computational Thinking, Digital Competence, Competence Models, Learning Taxonomies

Introduction
Digital education has gained in relevance in the past decades, ‘because of the progressive digitalization in schools,
training, work as well as in coping with everyday challenges in a world, which is characterized by digital
transformation’ (Senkbeil et al., 2019, p. 81; see also Ferrari, 2013; Brandhofer et al., 2019). Introducing digital
competence in K-12 education has therefore become an important objective and various attempts have been made in
introducing digital competence or related components into curricula (Rich et al., 2019). The concept of
computational thinking (CT) has thereby become a common conceptual basis (for an overview see Grover & Pea,
2013, p. 40 f.). Practices of computational thinking as problem representation, abstraction, decomposition,
simulation, verification, and prediction are fundamental to computing and computer science, but ‘also central to
modelling, reasoning and problem-solving in a large number of scientific and mathematical disciplines’ (Bower et
al., 2017, p. 54; see also National Research Council (U.S.), 2010). Additionally, research has been conducted in
finding approaches to implement digital education in classes (see e.g. the systematic reviews on fostering CT-skills
using Scratch by Zhang & Nouri, 2019; or on using robotics by Zhong & Xia, 2020).

Most of this research goes back to the working definition on computational thinking from Wing, who defined
computational thinking as ‘solving problems, designing systems, and understanding human behaviour, by drawing
on the concepts fundamental to computer science’ (2006, p. 33). There is a huge body of research on the concept of
CT (for a recent systematic review see Tang et al., 2020). The definitions presently used vary (Bower et al., 2017;
Eickelmann et al., 2019; Zhang & Nouri, 2019). Román-González et al. (2017) distinguish between three categories
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of definitions: first, generic definitions such as Wing's (2011), which focus on the thought processes involved in
formulating problems and their solutions; operational definitions, which define CT as a problem solving process
including formulating problems, organizing and analyzing data, abstraction, automating, identifying, analyzing and
implementing solutions, and generalizing and transferring problem solving processes (ISTE & CSTA, 2011); and
educational-curricular definitions in the form of frameworks for developing CT in the classroom and other
educational settings such as the one by Brennan and Resnick (2012).

While the current definitions of CT used vary, they have in common to be made up by lists of dimensions included
in CT (e.g. Palts & Pedaste, 2020). We argue that a comprehensive competence model for digital education on the
basis of CT is needed as a shared foundation for learning, teaching, pedagogical diagnostics (as formative
assessment practices, grading and development of teaching) and evaluative schemes in the school system.
Developing digital competence in a fundamental and professional way requires a competence model, which
describes and structures the manifold and specific demands. The present paper aims at developing a competence
model for digital competence. Thus, we will first argue that models as a means to describe reality in general are
more than mere lists (of content). We will consequently discuss competence models as a possible foundation for
teaching, learning and evaluation. Based upon established definitions of CT, we will then develop a model of digital
competence in two steps. We argue that first, the general dimensions of learning and teaching need to be discussed.
Based on those, specific dimensions of digital competence can be integrated, so that a structure model for digital
competence can then be proposed.

Constitutive Concepts
The Concept of Competence
In addition to reading, writing and arithmetic, digital competence increasingly gains in importance in relation to full
participation in society (Senkbeil et al., 2019, p. 81). The term »competence«, originates from Latin competere (see
https://www.etymonline.com) meaning to be sound, capable, applicable, relevant, sufficient, adequate, competent,
admissible. White already described competence as early as in the 1950s as ‘effective interaction (of the individual)
with the environment’ (1959, p. 317), giving ‘fitness or ability’, ‘capability, capacity, efficiency, proficiency, and
skill’ as synonyms. In accordance with Sadler (2013, p. 13), we use the term competence for ‘what may be
conceptualized as an integrated and large-scale characteristic, capability or attribute’, and the term competencies for
‘smaller-scale identifiable elements that contribute to such an attribute’.

Especially in central Europe, the definition by Weinert (2001) has become the central point of reference for the term
competence (Wiesner & Schreiner, 2020a). Competences are ‘individually available or learnable cognitive abilities
and skills for solving certain problems, as well as the thus connected motivational, volitional and social readiness
and abilities to be able to successfully and responsibly use these solutions to problems in variable situations’
(Weinert, 2001, pp. 27–28, translation International Handbook of Curriculum Research). According to Weinert’s
understanding, competence is ‘not directly observable, but can only be extrapolated from specific actions’ (Eder &
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Hofmann, 2012, p. 72). Using competence-orientation as a didactical principle, the learners and the knowledge,
skills and readiness they have acquired take centre stage (Ziener, 2016, p. 18 ff.).
Models Systematically Describe Reality
The term »model« originally was composed ‘based on the French noun modèle’ (Stachowiak, 1973, p. 129), which
is derived from Italian modello and originates from Latin modulus. Modulus originally meant measure, scale, but
also shape. By extending and further specifying the term, it gained the meaning of ‘effigy of something as well as
[…] precedent for something’ (Stachowiak, 1973, p. 129). A theoretical model stands as ‘image’ (Stachowiak, 1973,
p. 131), ‘gestalt’ (Schaefer, 1992, p. 46) or ‘indication’ (Stachowiak, 1989, p. 219) for something else, makes
phenomena comprehensible, and interdependencies accessible (Schaefer, 1992, p. 68 ff.; for details on theories and
models see Wiesner & Schreiner, 2020a).
Generally, models don’t capture all attributes, but only those, which seem relevant from the respective theoretical
perspective (Stachowiak, 1989, p. 219; Wiesner & Schreiner, 2020a). Models are characterized by an ‘element of
elementariness, as only those characteristics of the archetype are included, which are important to the designer’
(Saam, 2009, p. 517). Therefore, each model is always broader than the specific instance that it describes (Balzer,
1982, p. 10). Having said this, models are to be understood as ‘solutions’ (Greshoff, 1994, p. 126). Models always
are theoretical constructs, which are used to represent an item or a process of the real world in their main features
(Burkart, 1998, p. 478). Insight is ‘ever “insight for whom” and “insight for what”, even though the what-for
component often remains without reflection’ (Stachowiak, 1973, p. 57). Despite all the complexity that is inherent to
the specific research objects ‘scientific progress [consists] to a great extent also of pronouncing trivialities’
(Maletzke, 1998, p. 58). Maletzke (1998, p. 56) interprets triviality as simplicity in order to be able to portray the
real world in models and to make processes ‘thereby comprehensible and viable’. Models capture reality ‘always
only from a certain perspective’ (Bonfadelli & Jarren, 2001, p. 25) and are based on ‘relationships existing between
different components’ (Balzer, 1982, p. 14). Decisions on the quality of a model are based on ‘usefulness and
fruitfulness in regards of the existing problem’ (Bonfadelli & Jarren, 2001, p. 26). Therefore, models generally are
‘neither true nor false’ (Bonfadelli & Jarren, 2001, p. 26).

Three prerequisites for models can therefore be summarized (Schaefer, 1992; Stachowiak, 1973): (1) models are
effigies of something, (2) models are simplifications, and (3) models are subject to pragmatism, they often are
trivial, but always designed to serve a special purpose.

Competence Models as the Foundation for Teaching, Learning and Assessment
Structure models of competence aim at determining, which and how many different dimensions a competence
comprises and how the different dimensions are interrelated. The internal structure of a competence can for example
be determined by the cognitive processes that are required to master different demands, by different content areas or
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different forms of knowledge (Fleischer et al., 2013, p. 8). Hence, a competence model structures a competence
according to competence dimensions.

The origins of conceptualizing competencies in the form of models can be seen in two major traditions; first, the
work by Guilford (1956, 1959, 1967) in the context of modelling intelligence, and second, the efforts to establish a
sound basis for diverse testing purposes by McClelland (1973) and later Shavelson (2013).

With the conceptual modelling of intelligence, Guilford (1956, 1959, 1967) established an important starting point
for all competence models. Guilford’s model discarded the idea of a hierarchy of intellectual abilities (Kail &
Pellegrino, 1988, p. 39) and was designed contrary to a concept of a single intelligence factor. Guilford postulated
120 different intellectual abilities, which he arranged in three dimensions, which form the ‘structure of intellect’
(Guilford, 1956; see also Parr, 1984). Guilford’s facet model opened up one dimension to differentiate knowledge
and content (‘content categories’, Guilford, 1967, p. 61), a process dimension to describe mental activities
(‘operation categories’, Guilford, 1967, p. 62), and a product dimension (‘product categories’, Guilford, 1967, p.
62), to show results or units to aim at. Thinking processes arise based on the knowledge and? the process dimension.
Each ability is defined by its specific position on each of the three dimensions in every structure theory of
intelligence (Kail & Pellegrino, 1988, p. 41).
A second important starting point can be seen in McClelland’s work (McClelland, 1973), taken up by Shavelson
(e.g. 2013). McClelland (1973) arrives at the concept of competencies by arguing that measuring intelligence is not
a sound predictor for students’ succeeding in their later professional lives. Instead of trying to approximate specific
future demands by measuring intelligence, the competencies should be measured that will in fact be needed directly
to fulfil future requirements. McClelland’s concept of competence is a functional-pragmatic one, deliberately
situating test situations in real-life contexts, but not further elaborating on the concept of competence as such
(Klieme et al., 2008). In McClelland’s tradition, competence modelling is predominately applied in the context of
testing. As the major purpose is in many cases to conceptualize the construct to be measured in acceptance tests or
selection processes (for several examples: Shavelson, 2013), a connection to acquiring competences seems
unimportant in their work. Therefore, modelling competences is essentially discussed from a measurement
perspective. Similarly, the Priority Program of the German Research Foundation (‘DFG-Schwerpunkt’) on
competence modelling (Fleischer et al., 2013; Hartig & Klieme, 2006; Klieme et al., 2010) has a strong focus on
measurement, using theoretical competence models predominantly as the basis for psychometric models and
consequently the construction of tests (Klieme et al., 2008). The German Priority Program is situated in the context
of national large-scale assessments in the school system with the purpose of measuring outputs of the school system
in the form of student competences in fundamental subject areas of the school curriculum (Schreiner et al., 2020).
The strong focus on the measurement perspective when conceptualizing a competence in form of a theoretical
competence model brings forth problems in the use of resulting measures. By focusing on the measurement
perspective when modelling the competences, the subsequent use of the assessment results by policy makers and
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particularly teachers and schools faces significant communication barriers. The terms used in modelling the
competences for measuring purposes typically differ from the terminology teachers are used to and therefore need to
be re-translated into the school terminology (Pant, 2013), so that results can become meaningful for teachers and
schools and applied to their context.

We argue therefore, that conceptualizing a competence in form of a competence model should be situated much
earlier in the process of teaching and learning, because ‘a deeper understanding of learning and knowledge
organization can contribute to designing curricula, preparing teaching materials and devising assessment standards
that promote both students’ development and their social needs more efficiently’ (Csapó, 2010, p. 12). In accordance
with Anderson et al. (2001), modelling competences can particularly support the description and design of teaching
and learning situations by the following leading questions. By elaborating on them, we also aim at tackling the often
neglected what-for component (Stachowiak, 1973, p. 57) of models.
The learning question
What is important for students to learn (particularly in the context of limited time resources for learning in schools)
(Anderson et al., 2001)? The first question takes us back to curriculum development and policy decisions on the
learning objectives of schools. ‘[E]ducators’ interest is in teaching and learning processes that result in worthwhile
knowledge’ (Csapó, 2010, p. 13). Why do we want children to go to school? Csapó (2010) gives three possible goals
for schools; (1) transmitting knowledge accumulated by scientific inquiry, (2) cultivating children’s intellect and
improving their abilities, and (3) prepare students for life outside of school. While in the history of education the
weight between the three goals to decide on the contents of the curricula varied, in an optimal world, the three
should be kept in balance. All three can be applied to argue why digital competence should be taught in schools in
the 21st century. Developing a competence model of digital competence can subsequently support deciding on
specific learning objectives to gain a notion about what the goals of teaching digital competence are supposed to be.
The competence model serves the purpose of keeping the whole competence construct in mind, as it not only lists
the different components the competence comprises, but also structures them. Thus, the competence model captures
the relationships between the components and dimensions.
The teaching question
How is teaching and learning planned and implemented (Anderson et al., 2001)? The knowledge about the
components of a competence and their internal structure is an important basis for planning teaching and learning.
The competence model can give orientation, so that classes overall cover the whole width of the competence. It
helps to keep balance between the components and supports a clear notion regarding the learning objectives.
The assessment question
How do we choose relevant assessment instruments and procedures in order to gather relevant information on
students’ learning (Anderson et al., 2001)? The third question targets the basis for pedagogical diagnostics in the
form of formative assessment (Black & Wiliam, 2009) as well as for grading purposes. The clear idea of the learning
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objectives mentioned above serves first, as a basis for monitoring progress in learning through classroom assessment
(by teachers, peers and self-assessment) in order to plan successive learning steps. Second, the competence model
makes up a transparent foundation for summative assessment in the form of grades and certificates.
The alignment question
How do we ensure that the pursued learning objectives, teaching practices and assessment design are consistent with
each other (Anderson et al., 2001)? The theory of learning and knowing (Pellegrino et al., 2001) discusses the
interrelatedness of the triad curriculum – instruction – assessment. Another approach to connect intended learning
outcomes, teaching/learning activities and assessment tasks is the concept of constructive alignment (Biggs & Tang,
2007). When learning objectives, teaching and learning as well as the instruments for formative and summative
pedagogical diagnostics are based on a shared foundation in the form of the competence model, a solid footing for
an alignment of these elements is laid down. The competence model serves as connecting element between goals,
processes and evaluation. Regarding the context of CT assessment, Tang et al. (2020) stress the need to investigate a
theoretical framework of learning and assessment.

Results: Developing a Model for Digital Competence
In the following, we put forward a model for digital competence. Modelling a competence requires two major
components. The first element is a sound theoretical model of different levels of complexity in the demands, which
can be independent of the specific competence. The second major element comes from the content-related structure
of the competence itself. For the first requirement, we will draw on the taxonomies by Bloom et al. (1956) and
Anderson et al. (2001), modelling the complexity of demands by introducing a process and a knowledge dimension.
The second requirement will be tackled by drawing on existing frameworks of computational thinking as the
content-related basis. Combining those two components will yield a three-dimensional competence model for digital
competence.
Knowledge and Process as the Basis for Modelling Digital Competence
Aiming at conceptualizing a model of digital competence, Anderson’s (et al. 2001) taxonomy is a valuable
foundation, which can be broken down to four knowledge dimensions as well as six process dimensions. Every
competence model should build upon a consistent, theoretically sound framework for teaching arrangements and
contribute to describing and designing situations in regards to learning theory and didactics.

Learning objectives can be organized by four knowledge dimensions and six process dimensions according to the
level of complexity in terms of a ‘double relatedness’ (Adler, 1930, p. 205). Phrasing learning objectives comprises
according to Anderson et al. (2001) a verb to describe the process dimension and an object differentiating the related
general knowledge dimension. The construction yields at first a two-dimensional framework resulting from the
interaction between process and knowledge.
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The knowledge dimensions build upon each other in terms of a continuum ranging from the concrete to the abstract.
For example, procedural knowledge needs ‘a static, often even rather sound and solid basis’ (Baumgartner & Payr,
1999, p. 22), because without such a ‘static basis … learning procedures is [often] useless’ (Baumgartner & Payr,
1999, p. 22). ‘[C]onceptual knowledge can also be regarded as a higher, more complex level of factual knowledge’
(Wiesner & Schreiner, 2020b, p. 331), if declarative knowledge is meant, which constitutes a deeper understanding
(Renkl, 2015, p. 4). The four knowledge dimensions differentiate according to Anderson et al. (2001) between
factual (declarative) knowledge, conceptual, procedural and meta-cognitive knowledge (cf. Table 1). Conceptual
and procedural knowledge therefore overlap.
Table 1
Knowledge dimensions (see Anderson et al., 2001; Wiesner & Schreiner, 2020b)
Knowledge dimensions

Description

Examples

Factual knowledge

static factual knowledge and explicit
basic knowledge about specific issues
and content; what can be reported upon
(‘knowing that’)
organized and networked knowledge and
contextualized relationships; verbalizing
and visualizing cross-links
(‘knowing what, when, and where’)
knowledge related to action and problem
solving related to action and problem
solving; verbalizing approaches to
solving a problem
(‘knowing how’)
knowledge about one’s own strategies;
refection on one’s own learning; ability
to judge; knowledge about the meaning
of thinking or learning strategies; selfevaluation and control strategies
(‘meta-knowing’)

isolated facts, terminology,
specific details and elements

Conceptual knowledge

Procedural knowledge

Metacognitive knowledge

classifications and categories;
principles and generalizations;
theories, models, and structures
procedures; techniques and
methods; decomposing processes,
criteria for the use of appropriate
procedures
observation, planning and
regulating thinking and learning;
attitudes and beliefs

As process dimensions, the well-founded concepts by Bloom et al. (1956) and Anderson et al. (2001) can be
mentioned (cf. Table 2; see Renger & Wiesner, 2006). They also facilitate ‘a simplified distinction of learners in
novices, skilled and experts’ (Wiesner & Schreiner, 2020b, p. 332).
According to Anderson et al. (2001), the processes are divided into six dimensions: remember, understand, apply,
analyse, evaluate, and create. Building upon the description of the process in the form of a verb related to the
supposed complexity in connection with a knowledge dimension, can-do-statements can be developed (Schreiner &
Wiesner, 2019, p. 22). The wording results in a specific ability, e.g. the combination of »remember« as process and
the knowledge dimension »factual knowledge« results in »being able to list something«. Researchers at the IOWA
State University have developed a grid giving the distinct operation belonging to each combination of process and
knowledge on the basis of Anderson’s (et al., 2001) taxonomy (cf. Figure 1). Connecting those two dimensions
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allows for nuanced descriptions of objectives and can-do-statements as starting points for competence specificities,
however initially from a general perspective independent of the subject matter.
Table 2
Taxonomies for thinking and learning – a comparison between Bloom et al. (1956) and Anderson et al. (2001)
Bloom et al.

Anderson et al.

Process dimensions

exemplification

Knowledge

state, remember, show, depict,
select, replicate

Comprehension
Application
Analysis
Synthesis
Evaluation

Process
dimensions
Remember

exemplification

explain, justify, describe,
exemplify, interpret

Understand

summarize, compare, explain,
exemplify

integrate, calculate, generate,
use
decompose, examine, verify,
assign, organize
plan, design, combine, develop,
construct, create

Apply

execute, operate, use, implement

Analyse

differentiate, organize, attribute

Evaluate

discover, judge, criticize, check,
monitor

assess, draw conclusions

Create

generate, plan, visualize, produce,
construct

recognize, retrieve, identify,
select, repeat

Figure 1
Grid-model of process and knowledge dimensions as the base area for a model of digital competence (cf. IOWA
State University, 2012)
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Computational Thinking as Specific Product Dimension
In section 3.1, a general basis has been laid for modelling competences. By combining the general foundation with a
subject-specific dimension, a competence model for a particular competence can subsequently be formed. In the
following, we present six facets of computational thinking as an enhancement of a model conceptualized in a
national context (Wiesner & Schreiner, 2020a) in accordance with the model derived by Shute et al. (2017) based
upon a recent literature review. These facets can then be added as the specific element (product dimension) in order
to form a model of digital competence. Competences can be depicted in a cube model (Guilford, 1967), ‘in order to
show the interrelation between simpler and more complex aspects and levels of competence-oriented learning’
(Wiesner & Schreiner, 2020b, p. 335). Thereby, it is possible to look at the manifold complexity levels from a
holistic perspective (Baumgartner & Payr, 1999, p. 99).

The learning objectives of computational thinking (CT) are regarded as the new key competence of the 21st century
(Ainley et al., 2016; Senkbeil et al., 2019; Siddiq et al., 2016; Voogt et al., 2015; Wing, 2008), as these competence
aspects demand competently managing new technologies, which goes far beyond the analogue area of media
competence. Computational thinking represents a cluster of both fundamental as well as interdisciplinary
competencies, which enable solutions for complex challenges, tasks and problems of digitalization using digital
media. Thus, digital competence grows into a fourth cultural skill, which also results in cultural resources (Bachmair
et al., 2011; Kerres, 2017). Reading, writing, and arithmetic ‘cannot be considered without digital technology, and
this pervades all subjects and topics of life’ (Kerres, 2017, p. 90; Wiesner et al., 2020).
In the context of modelling digital competence according to Guilford’s concept (Guilford, 1967), we refer to
‘computational thinking’ (CT) by Papert (1980, p. 182, 1972) as well as the advancement by Wing (2006, p. 33,
2008). Thus, CT is used as the product dimension of the model, representing the specific structure of digital
competence, which depicts the subject-related contents as products. Thinking like a computer is not paramount, but
meeting digital challenges and solving digital tasks and problems is (Wing, 2006, p. 35).
CT combines competencies, ‘which comprise phrasing a problem, collecting and analysing data, abstracting,
modelling, algorithmic thinking, developing solutions, using digital tools, displaying data, disaggregating problems
in sub-problems, and automation’ (Senkbeil et al., 2019, p. 99). Thereby, CT is about focusing on problem solution
and thinking strategies of general relevance, in order to comprehend the relationship between sequential and parallel
processes of algorithms, modelling as well as formalizations of the digital learning environment. The procedures and
relationships are not inherent in ‘reading, writing, arithmetic’ (Kerres, 2017, p. 85) as ‘cultural skill’ (Kerres, 2017,
p. 85) ‘go far beyond using hard- and software’ (Senkbeil et al., 2019, p. 101).

Computational thinking consists for learners of a conglomeration of a multitude of competencies with direct
reference to digital media including sub-competencies, techniques and strategies. Taking up the structure proposed
by Shute et al. (2017), CT can be characterized by the following six design elements. The facets of CT,
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decomposition, abstraction, algorithms, debugging, iteration, and generalization, have a high degree of overlap with
the widely used framework by Selby and Woollard (2013) and others. Below, they are characterised on the basis of
the definitions and descriptions given by Shute et al. (2017) as well as in reference to other definitions and
frameworks.
Decomposition –dividing complex problems into smaller parts in a logical, structured, and systematic way
• ‘Dissect a complex problem into manageable parts’ (Shute et al., 2017, p. 153)
•

‘Formulating problems entails the decomposition of a problem into smaller manageable parts and
specifying and systematizing the characteristics of the task so that a computational solution can be
developed’ (Eickelmann, 2019, p. 58).

•

‘Breaking down a complex problem or system into smaller, more manageable parts’ (BBC – Bitesize,
2020).

•

‘Breaking down data, processes or problems into smaller, manageable chunks’ (Google for Education,
2020).

•

‘Process of breaking down a large problem into smaller sub-problems or details’ (Ch’ng et al., 2019, p.
251).

•

‘Process of breaking down problems into smaller parts that may be more easily solved’ (Atmatzidou &
Demetriadis, 2016, p. 664).

•

‘The skill to break a complex problem into smaller parts that are easier to understand and solve (Angeli et
al., 2016, p. 50).

Abstraction – developing concepts
• ‘The essence of computational thinking is abstraction’ (Wing, 2008, p. 3717).
•

‘Abstraction is discussed in relation to the classical definition given by the philosopher Locke [1689] as the
process in which ideas taken from particular beings become general representatives of all of the same kind’
(Hoppe & Werneburg, 2019, p. 22).

•

‘Extract the essence of a (complex) system’ (Shute et al., 2017, p. 153) including data collection and
analysis; pattern recognition; and modelling.

•

‘Focusing on the important information only, ignoring irrelevant detail’ (BBC – Bitesize, 2020).

•

‘Identifying and extracting relevant information to define main idea(s)’ (Google for Education, 2020).

•

‘Remove unnecessary details and focus on the important data’ (Digital Technologies Hub, 2020).

•

‘The skill to decide what information about an entity/object to keep and what to ignore’ (Angeli et al.,
2016, p. 50).

•

‘Observing patterns, trends and regularities in data’ (Google for Education, 2020).

•

‘Looking for similarities among and within problems’ (BBC – Bitesize, 2020).

•

‘Analyse the data, look for patterns to make sense of the data’ (Digital Technologies Hub, 2020).

•

‘Identify and extract relevant information to define the main idea(s)’ (Palts & Pedaste, 2020, p. 122).
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‘The process of creating something simple from something complicated’ (Atmatzidou & Demetriadis,
2016, p. 664).

Algorithms – logical-analytical instructions and designing solution patterns
• ‘Logical steps required for constructing a solution to a given problem’, (Ch’ng et al., 2019, p. 251; Lee et
al., 2014).
•

‘Developing a step-by-step solution to the problem, or the rules to follow to solve the problem’ (BBC –
Bitesize, 2020).

•

‘Creating an ordered series of instructions for solving similar problems or for doing a task’ (Google for
Education, 2020).

•

‘Create a series of ordered steps taken to solve a problem’ (Digital Technologies Hub, 2020).

•

‘Design logical and ordered instructions for rendering a solution to a problem’ (Shute et al., 2017, p. 153)
including algorithmic design; parallelism; efficiency; and automation.

•

‘Create a series of ordered steps taken to solve a problem’ (Digital Technologies Hub, 2020).

•

‘The skill to devise a step-by-step set of operations/actions’ (Angeli et al., 2016, p. 50), including
sequencing and flow of control.

•

‘A practice of writing step-by-step specific and explicit instructions for carrying out a process’ (Atmatzidou
& Demetriadis, 2016, p. 664).

Debugging – systematic testing, finding and fixing errors
• ‘Detect and identify errors, and then fix the errors’ (Shute et al., 2017, p. 153).
•

‘The skill to identify, remove, and fix errors’ (Angeli et al., 2016, p. 50).

•

‘Test the algorithm methodically and systematically’ (Anderson, 2016, p. 228)

•

‘Systematic testing and debugging, efficiency and performance constraints, error detection, etc.’ (Palts &
Pedaste, 2020, p. 123).

•

‘Develop strategies for dealing with – and anticipating – problems’ (Brennan & Resnick, 2012, p. 7).

•

‘Clearly identifying the issue, systematically testing the system to isolate the source of the error, and
reproducing the problem so that potential solutions can be tested reliably’ (Weintrop et al., 2016, p. 140).

Iteration – approaching a solution in multiple steps
• ‘Repeat design processes to refine solutions, until the ideal result is achieved’ (Shute et al., 2017, p. 153).
•

‘An adaptive process, one in which the plan might change in response to approaching a solution in small
steps’ (Brennan & Resnick, 2012, p. 7).

•

‘Iterative, recursive, and parallel thinking’ (Grover & Pea, 2013, p. 40).

Generalization – recognizing, understanding and designing generalizing patterns and models, in order to be able
to use those in different contexts of operation and to evaluate them
• ‘Solving problems of a similar type because of past experience solving this type of problem’ (Ch’ng et al.,
2019, p. 251; Lee et al., 2014).
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‘Creating models, rules, principles, or theories of observed patterns to test predicted outcomes’ (Google for
Education, 2020).

•

‘Create models or simulations to represent processes’ (Digital Technologies Hub, 2020).

•

‘Determine effectiveness of a solution, generalise and apply to new problems’ (Digital Technologies Hub,
2020).

•

‘Formulate a solution in generic terms so that it can be applied to different problems’ (Angeli et al., 2016,
p. 50).

•

‘Generalisation is transferring a problem-solving process to a wide variety of problems’ (Atmatzidou &
Demetriadis, 2016, p. 664).

•

‘Transfer CT skills to a wide range of situations/domains to solve problems effectively and efficiently’
(Shute et al., 2017, p. 153).

The competence model’s product dimension represents the respective subject and its contents. The products derive
from the subject-related perspective, which is then combined with the process and knowledge dimensions in the
model of digital competence. Thus, the model for digital competence shown in Figure 2 has the knowledge and
process dimensions as the base area of the cube with the subject-related dimensions of computational thinking on the
horizontal axis.
Figure 2
Structure model of digital competence
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Discussion
Relating to ‘Education in an age of digitalization’ (Brandhofer et al., 2019, p. 307) the paper presents the modelling
of digital competence. A cube model is proposed in order to capture different dimensions of the construct as well as
their interrelatedness. By combing subject-related facets with knowledge and process dimensions, a framework for
defining specific learning objectives is constructed. Thereby, we follow the example of structural competence
models, which have been constructed and implemented successfully in other disciplines: Guilford’s (1967) facet
model of intelligence as a structure-of-intellect (SOI), which has been widely used for an understanding of a
systematic collection of abilities and functions for processing learning and which allows a combination of quite
different elements (Suess & Beauducel, 2005); the Berlin Model of Intelligence Structure (BIS) by Jäger (Bucik &
Neubauer, 1996; 1973; Suess & Beauducel, 2015); the cube model for self-regulated learning by Steuer et al. (2015)
or the competence model for mathematics structuring lower secondary maths education in Austria (IDM, 2007) to
name just a few. We introduce computational thinking and the structure-of-computational-thinking (SOCT) in a
competence model as product dimension. Thereby, computational thinking is regarded as the recent key
competence.

The proposed model for digital competence yields a high level of complexity due to the incorporation of relevant
dimensions of computational thinking as well as of general principles of learning taxonomies. The complexity can
be viewed as a possible limitation of the model, especially in its practical implementation for assessment purposes
(see e.g. Klotz, 2015). At the same time, the complexity of the model can be regarded as an appropriate effigy of
reality. Other well-established models, e.g. the model of intelligence by Guilford (1967), are of a similar extent and
complexity. In general, the whole model including all its facets is foremost important on the level of curriculum
development. Schools and teachers need to refer to the whole model primarily for orientation in order to situate
particular learning objectives within the model in its entirety. When planning courses or teaching sequences,
teachers will typically refer to a specific part of the model at a time.

The empirical validation of the model is desirable. Empirical evidence has been gathered in the past decades on
different components of the model. The IEA has implemented a module on computational thinking within the
International Computer and Information Literacy Study (ICILS) (Fraillon et al., 2019; Eickelmann, 2019). An
empirical survey of student competencies in this area was conducted within ICILS 2018 as an optional component.
While analyses show the scalability of the construct of computational thinking and therefore the possibility of
empirically capturing the construct (Fraillon et al., 2020), there is still a lack of empirical evidence for
differentiating the dimensions of computational thinking.
There is partial empirical evidence for Bloom’s taxonomy (Bloom et al., 1956) and the revision by Anderson et al.
(2001). Early attempts tried to validate the cumulative hierarchical structure of the process dimensions by analysing
the difficulty level of item pools targeting the different levels (Kreitzer & Madaus, 1994). That might have to do
with the fact, that while complexity and item difficulty are confounded, they are not the same. With later
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methodically more complex designs, empirical evidence could be produced for the cognitive hierarchy of the first
four levels (Anderson et al., 2001; Kreitzer & Madaus, 1994).

The high level of complexity and the ambiguous evidence on the higher levels of the process dimension, could open
up a discussion about reducing the process categories as has for example been done in the context of vocational
adult education by Metzger and Nüesch (2004). In this respect, a high level of detail in order to capture the nature of
digital competence as comprehensive as possible faces a slight simplification in order to raise manageability and
enable easier empirical validation.

Conclusion
A theoretically sound framework is needed, which goes beyond mere lists or enumerations and has the potential to
substantiate the structure of the competence in order to promote digital competence in class. The presented model of
digital competence allows for a multitude of perspectives and foci so that the frame for a ‘Computational Thinking
Education’ (Kong & Abelson, 2019, p. 6) can support the alignment of learning objectives, teaching, and
assessment.

In this paper, we develop and substantiate a structure model for digital competence building upon the concept of
computational thinking, which now needs to be supplemented by generating specific learning objectives as a next
step. Therefore, can-do-statements need to be developed for the combinations of process, knowledge, and product
dimensions in order to have available a sound basis for conceptualizing and implementing teaching and learning
processes for digital competence. Thereby, the proposed model can serve as a framework which offers orientation:
not only does the model help in structuring the subject-domain of computational thinking, it also draws a
comprehensive picture to provide a mental image in order to structure the knowledge and skills learners are
supposed to acquire.

References
Adler, A. (1930). Dostojewski (1918). In A. Adler (Ed.), Praxis und Theorie der Individual-Psychologie [The practice
and theory of individual psychology] (pp. 199–206). Springer. https://doi.org/10.1007/978-3-642-99710-5
Ainley, J., Schulz, W., & Fraillon, J. (2016). A global measure of digital and ICT literacy skills. Background paper
prepared for the 2016 Global Education Monitoring Report. Education for people and planet: Creating
sustainable futures for all (Paris, France). United Nations. Educational, Scientific and Cultural Organization.
https://unesdoc.unesco.org/ark:/48223/pf0000245577
Anderson, L. W., Krathwohl, D. R., Airasian, P. W., Cruikshank, K. A., Mayer, R. E., Pintrich, P. R., Raths, J., &
Wittrock, M. C. (Eds.). (2001). A taxonomy for learning, teaching, and assessing: A revision of Bloom’s
taxonomy of educational objectives (Complete ed). Longman.

The European Educational Researcher

| 35

Anderson, N. D. (2016). A Call for Computational Thinking in Undergraduate Psychology. Psychology Learning &
Teaching, 15(3), 226–234. https://doi.org/10.1177/1475725716659252
Angeli, C., Voogt, J., Fluck, A., Webb, M., Cox, M., & Zagami, J. (2016). A K-6 Computational Thinking Curriculum
Framework: Implications for Teacher Knowledge. Journal of Educational Technology & Society, 19(3), 47–57.
Atmatzidou, S., & Demetriadis, S. (2016). Advancing students’ computational thinking skills through educational
robotics: A study on age and gender relevant differences. Robotics and Autonomous Systems, 75, 661–670.
Bachmair, B., Risch, M., Friedrich, K., & Mayer, K. (2011). Eckpunkte einer Didaktik des mobilen Lernens.
Operationalisierung im Rahmen eines Schulversuchs. MedienPädagogik: Zeitschrift für Theorie und Praxis der
Medienbildung, 19, 1–38. https://doi.org/10.21240/mpaed/19/2011.03.11.X
Balzer,

W.

(1982).

Empirische

Theorien:

Modelle

-

Strukturen

–

Beispiele.

Vieweg+Teubner.

https://doi.org/10.1007/978-3-663-00169-0
Baumgartner, P., & Payr, S. (1999). Lernen mit Software. Lernen mit interaktiven Medien. Studienverlag.
BBC

-

Bitesize

(2020).

Introduction

to

computational

thinking.

BBC.

https://www.bbc.co.uk/bitesize/guides/zp92mp3/revision/1
Biggs, J. B., & Tang, C. S. (2007). Teaching for quality learning at university what the student does. McGrawHill/Society for Research into Higher Education & Open University Press.
Black, P., & Wiliam, D. (2009). Developing the theory of formative assessment. Educational Assessment, Evaluation
and Accountability, 21(1), 5–31. https://doi.org/10.1007/s11092-008-9068-5
Bloom, B. S., Engelhart, M. D., Furst, E., Hill, W. H., & Krathwohl, D. R. (1956). Taxonomy of educational
objectives. The classification of educational goals: Handbook 1. Cognitive domain. Longman.
Bonfadelli, H., & Jarren, O. (Eds.). (2001). Einführung in die Publizistikwissenschaft. Haupt.
Bower, M., Wood, L. N., Lai, J. W. M., Howe, C., Lister, R., Mason, R., Highfield, K., & Veal, J. (2017). Improving
the Computational Thinking Pedagogical Capabilities of School Teachers. Australian Journal of Teacher
Education, 42(3).
Brandhofer, G., Baumgartner, P., Ebner, M., Köberer, N., Trueltzsch-Wijnen, C., & Wiesner, C. (2019). Bildung im
Zeitalter der Digitalisierung. In S. Breit, F. Eder, K. Krainer, C. Schreiner, A. Seel, & C. Spiel (Eds.), Nationaler
Bildungsbericht Österreich 2018. Fokussierte Analysen bildungspolitischer Schwerpunktthemen (Vol. 2).
Leykam.
Brennan, K., & Resnick, M. (2012). New frameworks for studying and assessing the development of computational
thinking. Paper presented at annual American Educational Research Association meeting, Vancouver, BC,
Canada.

36 | S C H R E I N E R

& WIESNER

Bucik, V., & Neubauer, A. C. (1996). Bimodality in the Berlin model of intelligence structure (BIS): A replication
study. Personality and Individual Differences, 21(6), 987–1005. https://doi.org/10.1016/S0191-8869(96)001298
Burkart, R. (1998). Kommunikationswissenschaft: Grundlagen und Problemfelder; Umrisse einer interdisziplinären
Sozialwissenschaft. Böhlau.
Ch’ng, S. I., Low, Y. C., Lee, Y. L., Chia, W. C., & Yeong, L. S. (2019). Video Games: A Potential Vehicle for
Teaching Computational Thinking. In S.-C. Kong & H. Abelson (Eds.), Computational Thinking Education (pp.
247–260). Springer. https://doi.org/10.1007/978-981-13-6528-7
Csapó, B. (2010). Goals of Learning and the Organization of Knowledge. In E. Klieme, D. Leutner, & M. Kenk (Eds.),
Kompetenzmodellierung.

Zwischenbilanz

des

DFG-Schwerpunktprogramms

und

Perspektiven

des

Forschungsansatzes. 65. Beiheft zur Zeitschrift für Pädagogik (pp. 12–27). Beltz.
Digital

Technologies

Hub

(2020).

Education

Services

Australia.

Computational

thinking.

https://www.digitaltechnologieshub.edu.au/teachers/topics/computational-thinking
Eder, F., & Hofmann, F. (2012). Überfachliche Kompetenzen in der österreichischen Schule: Bestandsaufnahme,
Implikationen, Entwicklungsperspektiven. In B. Herzog-Punzenberger (Ed.), Nationaler Bildungsbericht
Österreich 2012. Fokussierte Analysen bildungspolitischer Schwerpunktthemen (Vol. 2, pp. 71–109). Leykam.
Eickelmann, B. (2019). Measuring Secondary Schools Students’ Competence in Computational Thinking in ICILS
2018—Challenges, Concepts, and Potential Implications for School Systems around the World. In S.-C. Kong
& H. Abelson (Eds.), Computational Thinking Education (pp. 53–64). Springer. https://doi.org/10.1007/978981-13-6528-7
Eickelmann, B., Labusch, A., & Vennemann, M. (2019). Computational Thinking and Problem-Solving in the Context
of IEA-ICILS 2018. In D. Passey, R. Bottino, C. Lewin, & E. Sanchez (Eds.), Empowering Learners for Life in
the Digital Age (Vol. 524, pp. 14–23). Springer International. https://doi.org/10.1007/978-3-030-23513-0_2
Ferrari, A. (2013). DIGCOMP a framework for developing and understanding digital competence in Europe.
Publications Office of the European Union.
Fleischer, J., Koeppen, K., Kenk, M., Klieme, E., & Leutner, D. (2013). Kompetenzmodellierung: Struktur, Konzepte
und Forschungszugänge des DFG-Schwerpunktprogramms. Zeitschrift für Erziehungswissenschaft, 16(S1), 5–
22. https://doi.org/10.1007/s11618-013-0379-z
Fraillon, J., Ainley, J., Schulz, W., Duckworth, D., & Friedman, T. (2019). IEA International Computer and
Information Literacy Study 2018 Assessment Framework. Springer International. https://doi.org/10.1007/978-3030-19389-8
Fraillon, J., Ainley, J., Schulz, W., Friedman, T., & Duckworth, D. (2020). Preparing for Life in a Digital World: IEA
International Computer and Information Literacy Study 2018 International Report. Springer International.
https://doi.org/10.1007/978-3-030-38781-5

The European Educational Researcher

Google

for

Education

(2020).

Exploring

computational

thinking.

Google

for

| 37

Education.

https://edu.google.com/resources/programs/exploring-computational-thinking/#!ct-overview
Greshoff, R. (1994). Methodische Überlegungen zum Theorienvergleich in den Sozialwissenschaften. In F. Benseler,
B. Blanck, R. Greshoff, & W. Loh, Alternativer Umgang mit Alternativen (pp. 125–140). VS Verlag für
Sozialwissenschaften. https://doi.org/10.1007/978-3-322-91654-9_8
Grover, S., & Pea, R. (2013). Computational Thinking in K–12. Educational Researcher, 42(1), 38–43.
https://doi.org/DOI: 10.3102/0013189X12463051
Guilford, J. P. (1956). The Structure of Intellect. Psychological Bulletin, 4(53), 267–292.
Guilford, J. P. (1959). Three Faces of Intellect. American Psychologist, 8(14), 469–479.
Guilford, J. P. (1967). The nature of human intelligence. McGraw-Hill.
Hartig, J., & Klieme, E. (2006). Kompetenz und Kompetenzdiagnostik. In K. Schweizer (Ed.), Leistung und
Leistungsdiagnostik (pp. 127–143). Springer. https://doi.org/10.1007/3-540-33020-8_9
Hoppe, H. U., & Werneburg, S. (2019). Computational Thinking—More than a Variant of Scientific Inquiry! In S.C.

Kong

&

H.

Abelson

(Eds.),

Computational

Thinking

Education

(pp.

13–30).

Springer.

https://doi.org/10.1007/978-981-13-6528-7
IDM (Institut für Didaktik der Mathematik). (2007). Standards für die mathematischen Fähigkeiten österreichischer
Schülerinnen und Schüler am Ende der 8. Schulstufe. Universität Klagenfurt.
IOWA

State

University.

(2012).

Revised

Bloom’s

handout.

https://www.celt.iastate.edu/wp-

content/uploads/2015/09/RevisedBloomsHandout-1.pdf
ISTE

&

CSTA.

(2011).

Operational

Definition

of

Computational

Thinking

for

K–12

Education.

https://cdn.iste.org/www-root/Computational_Thinking_Operational_Definition_ISTE.pdf
Jäger, A. O. (1973). Dimensionen der Intelligenz. Hogrefe.
Kail, R., & Pellegrino, J. W. (1988). Menschliche Intelligenz. Spektrum.
Kerres, M. (2017). Digitalisierung als Herausforderung für die Medienpädagogik: „Bildung in einer digital geprägten
Welt“. In C. Fischer (Ed.), Pädagogischer Mehrwert. Digitale Medien in Schule und Unterricht (pp. 85–104).
Waxmann.
Klieme, E., Hartig, J., & Rauch, D. (2008). The concept of Competence in Educational Contexts. In J. Hartig, E.
Klieme, & D. Leutner (Eds.), Assessment of competencies in educational contexts (pp. 3–22). Hogrefe.
Klieme, E., Leutner, D., & Kenk, M. (Eds.). (2010). Kompetenzmodellierung. Zwischenbilanz des DFGSchwerpunktprogramms und Perspektiven des Forschungsansatzes. Zeitschrift für Pädagogik, 65. Beiheft, 9–11.
Klotz, V. K. (2015). Diagnostik beruflicher Kompetenzentwicklung. Springer. https://doi.org/10.1007/978-3-65810681-2

38 | S C H R E I N E R

& WIESNER

Kong, S.-C., & Abelson, H. (Eds.). (2019). Introduction to Computational Thinking Education. In Computational
Thinking Education (pp. 1–12). Springer. https://doi.org/10.1007/978-981-13-6528-7
Kreitzer, A. E., & Madaus, G. F. (1994). Empirical investigations of the hierarchical structure of the Taxonomy. In L.
W. Anderson & L. A. Sosniak (Eds.), Bloom’s taxonomy: A forty-year retrospective: Ninety-third yearbook of
the National Society for the Study of Education (pp. 64–81). University of Chicago Press.
Lee, T. Y., Mauriello, M. L., Ahn, J., & Bederson, B. B. (2014). CTArcade: Computational thinking with games in
school

age

children.

International

Journal

of

Child-Computer

Interaction,

2(1),

26–33.

https://doi.org/10.1016/j.ijcci.2014.06.003
Locke, J. (1689). The Works: An Essay concerning Human Understanding. Online Library of Liberty.
https://oll.libertyfund.org/
Maletzke, G. (1998). Kommunikationswissenschaft im Überblick. VS Verlag für Sozialwissenschaften.
https://doi.org/10.1007/978-3-322-80363-4
McClelland, D. C. (1973). Testing for competence rather than for ‘intelligence.’ American Psychologist, 28(1), 1–14.
https://doi.org/10.1037/h0034092
Metzger, C., & Nüesch, C. (2004). Fair prüfen: Ein Qualitätsfaden für Prüfende an Hochschulen. Institut für
Wirtschaftspädagogik.
National Research Council (U.S.). (2010). Report of a Workshop on The Scope and Nature of Computational
Thinking. National Academies Press.
Palts, T., & Pedaste, M. (2020). A Model for Developing Computational Thinking Skills. Informatics in Education,
19(1), 113–128. https://doi.org/10.15388/infedu.2020.06
Pant, H. A. (2013). Wer hat einen Nutzen von Kompetenzmodellen? Zeitschrift für Erziehungswissenschaft, 16(S1),
71–79. https://doi.org/10.1007/s11618-013-0388-y
Papert, S. (1972). Teaching Children Thinking. Programmed Learning and Educational Technology, 9(5), 245–255.
https://doi.org/10.1080/1355800720090503
Papert, S. (1980). Mindstorms: Children, computers, and powerful ideas. Basic Books.
Parr, J. (1984). Guilford’s Structure of Intellect Theory: An Evaluation of the Three Dimensional Model and the
Implications for Its Use in the Education of the Gifted Child. Masters Theses & Specialist Projects, Paper 1807,
63. http://digitalcommons.wku.edu/theses/1807
Pellegrino, J. W., Chudowsky, N., & Glaser, R. (2001). Knowing What Students Know: The Science and Design of
Educational Assessment. Committee on the Foundations of Assessment. National Academy Press.
Renger, R., & Wiesner, C. (2006). Journalistik lehren. Ein integratives Konzept für die hochschulgebundene
Journalistikausbildung. In R. Renger, H. H. Fabris, & E. Rauchenzauner (Eds.), Generalisten oder Spezialisten
(pp. 101–118). kfj.

The European Educational Researcher

| 39

Renkl, A. (2015). Wissenserwerb. In E. Wild & J. Möller (Eds.), Pädagogische Psychologie (pp. 3–24). Springer.
Rich, P. J., Browning, S. F., Perkins, M., Shoop, T., Yoshikawa, E., & Belikov, O. M. (2019). Coding in K-8:
International

Trends

in

Teaching

Elementary/Primary

Computing.

TechTrends,

63(3),

311–329.

https://doi.org/10.1007/s11528-018-0295-4
Román-González, M., Pérez-González, J.-C., & Jiménez-Fernández, C. (2017). Which cognitive abilities underlie
computational thinking? Criterion validity of the Computational Thinking Test. Computers in Human Behavior,
72, 678–691. https://doi.org/10.1016/j.chb.2016.08.047
Saam, N. J. (2009). Modellbildung. In S. Kühl, P. Strodtholz, & A. Taffertshofer (Eds.), Handbuch Methoden der
Organisationsforschung (pp. 517–532). VS Verlag für Sozialwissenschaften. https://doi.org/10.1007/978-3-53191570-8_25
Sadler, D. R. (2013). Making Competent Judgments of Competence. In S. Blömeke, O. Zlatkin-Troitschanskaia, C.
Kuhn, & J. Fege (Eds.), Modeling and measuring competencies in higher education: Tasks and challenges (pp.
13–27). Sense.
Schaefer, H. (1992). Modelle in der Medizin. Springer.
Schreiner, C., & Wiesner, C. (2019). Die Überprüfung der Bildungsstandards in Österreich: Der erste Zyklus als
Meilenstein für die Schul- und Unterrichtsentwicklung – eine gelungene Innovation im österreichischen
Schulsystem. In A. C. George, C. Schreiner, C. Wiesner, M. Pointinger, & K. Pacher (Eds.), Fünf Jahre
flächendeckende Bildungsstandardüberprüfungen in Österreich. Vertiefende Analysen zum Zyklus 2012 bis 2016
(pp. 13–54). Waxmann.
Schreiner, C., Wiesner, C., & Harych, P. (2020). Kompetenzstufen in Studien zur Kompetenzmessung im Vergleich:
Konzepte, Entwicklung und Interpretation. In U. Greiner, F. Hofmann, C. Schreiner, & C. Wiesner (Eds.),
Bildungsstandards. Kompetenzorientierung, Aufgabenkultur und Qualitätsentwicklung im Schulsystem (pp.
388–409). Waxmann.
Selby, C. C., & Selby, C. (2013). Computational Thinking: The Developing Definition. Paper presentet at the 18th
annual conference on innovation and technology in computer science education in Canterbury.
Senkbeil, M., Eickelmann, B., Vahrenhold, J., Goldhammer, F., Gerick, J., & Labusch, A. (2019). Das Konstrukt der
computer- und informationsbezogenen Kompetenzen und das Konstrukt der Kompetenzen im Bereich
‘Computional Thinking’ in ICILS 2018. In B. Eickelmann, W. Bos, J. Gerick, F. Goldhammer, H. Schaumburg,
K. Schwippert, M. Senkbeil, & J. Vahrenhold (Eds.), ICILS 2018 #Deutschland Computer- und
informationsbezogene Kompetenzen von Schülerinnen und Schülern im zweiten internationalen Vergleich und
Kompetenzen im Bereich Computational Thinking (pp. 79–112). Waxmann.
Shavelson, R. J. (2013). On an Approach to Testing and Modeling Competence. Educational Psychologist, 48(2), 73–
86. https://doi.org/10.1080/00461520.2013.779483

40 | S C H R E I N E R

& WIESNER

Shute, V. J., Sun, C., & Asbell-Clarke, J. (2017). Demystifying computational thinking. Educational Research Review,
22, 142–158. https://doi.org/10.1016/j.edurev.2017.09.003
Siddiq, F., Hatlevik, O. E., Olsen, R. V., Throndsen, I., & Scherer, R. (2016). Taking a future perspective by learning
from the past – A systematic review of assessment instruments that aim to measure primary and secondary school
students’ ICT literacy. Educational Research Review, 19, 58–84. https://doi.org/10.1016/j.edurev.2016.05.002
Stachowiak, H. (1973). Allgemeine Modelltheorie. Springer.
Stachowiak, H. (1989). Modell. In H. Seiffert & G. Radnitzky (Eds.), Handlexikon zur Wissenschaftstheorie (pp. 219–
222). Ehrenwirth.
Steuer, G., Engelschalk, T., Jöstl, G., Roth, A., Wimmer, B., Schmilz, B., Schober, B., Spiel, C., Ziegler, A., & Dresel,
M. (2015). Kompetenzen zum selbstregulierten Lernen im Studium. Ergebnisse der Befragung von Expert(inn)en
aus vier Studienbereichen. Zeitschrift für Pädagogik, 61. Beiheft, 203–225.
Suess, H.-M., & Beauducel, A. (2005). Faceted Models of Intelligence. In Handbook of Understanding and Measuring
Intelligence (pp. 313–332). SAGE. https://doi.org/10.4135/9781452233529.n18
Suess, H.-M., & Beauducel, A. (2015). Modeling the construct validity of the Berlin Intelligence Structure Model.
Estudos de Psicologia (Campinas), 32(1), 13–25. https://doi.org/10.1590/0103-166X2015000100002
Tang, X., Yin, Y., Lin, Q., Hadad, R., & Zhai, X. (2020). Assessing computational thinking: A systematic review of
empirical studies. Computers & Education, 148, 103798. https://doi.org/10.1016/j.compedu.2019.103798
Voogt, J., Knezek, G., & Pareja Roblin, N. (2015). Research-informed strategies to address educational challenges in
a

digitally

networked

world.

Education

and

Information

Technologies,

20(4),

619–623.

https://doi.org/10.1007/s10639-015-9430-4
Weinert, F. E. (2001). Vergleichende Leistungsmessung in Schulen – eine umstrittene Selbstverständlichkeit. In
Leistungsmessungen in Schulen (pp. 17–31). Beltz.
Weintrop, D., Beheshti, E., Horn, M., Orton, K., Jona, K., Trouille, L., & Wilensky, U. (2016). Defining
Computational Thinking for Mathematics and Science Classrooms. Journal of Science Education and
Technology, 25(1), 127–147. https://doi.org/10.1007/s10956-015-9581-5
White, R. E. (1959). Motivation reconsidered: The concept of competence. Psychological Review, 66(5), 297–333.
Wiesner, C., & Schreiner, C. (2020a). Digitale Kompetenzen: Computational Thinking als Basis eines
Kompetenzmodells. In C. Trültzsch-Wijnen & G. Brandhofer (Eds.), Bildung und Digitalisierung (pp. 29–49).
Nomos. https://doi.org/10.5771/9783748906247-29
Wiesner, C., & Schreiner, C. (2020b). Ein Modell für den kompetenzorientierten Unterricht und als Impuls für
reflexive Unterrichtsentwicklung und -forschung. In U. Greiner, F. Hofmann, C. Schreiner, & C. Wiesner (Eds.),
Bildungsstandards. Kompetenzorientierung, Aufgabenkultur und Qualitätsentwicklung im Schulsystem (pp.
319–352). Waxmann.

The European Educational Researcher

| 41

Wiesner, C., Schreiner, C., & Brandhofer, G. (2020). Die Transformation durch Digitalisierung im Anthropozän.
Digitale Kompetenz als anthropozäne Kulturressource. In C. Sippl, E. Rauscher, & M. Scheuch (Eds.), Das
Anthropozän lernen und lehren (pp. 333–346). Studienverlag.
Wing,

J.

M.

(2006).

Computational

thinking.

Communications

of

the

ACM,

49(3),

33.

https://doi.org/10.1145/1118178.1118215
Wing, J. M. (2008). Computational thinking and thinking about computing. Philosophical Transactions of the Royal
Society

A:

Mathematical,

Physical

and

Engineering

Sciences,

366(1881),

3717–3725.

https://doi.org/10.1098/rsta.2008.0118
Wing, J. M. (2011). Research Notebook: Computational thinking—What and why? The link. The Magazine of the
Carnegie Mellon University School of Computer Science. http://www.cs.cmu.edu/link/research-notebookcomputational-thinking-what-and-why
Zhang, L., & Nouri, J. (2019). A systematic review of learning computational thinking through Scratch in K-9.
Computers & Education, 141, 103607. https://doi.org/10.1016/j.compedu.2019.103607
Zhong, B., & Xia, L. (2020). A Systematic Review on Exploring the Potential of Educational Robotics in Mathematics
Education.

International

Journal

of

Science

and

Mathematics

Education,

18(1),

79–101.

https://doi.org/10.1007/s10763-018-09939-y
Ziener, G. (2016). Herausforderung Vielfalt. Kompetenzorientiert unterrichten zwischen Standardisierung und
Individualisierung. Kallmeyer/Klett

42 | S C H R E I N E R

& WIESNER

Corresponding Author Contact Information:
Author name: Claudia Schreiner
Department: Department for Teacher Education & School Research
University, Country: University of Innsbruck, Austria
Email: claudia.schreiner@uibk.ac.at
ORCID: 0000-0002-3829-6295
Please Cite: Schreiner, C. & Wiesner, C. (2022). Modelling Digital Competence by Combining Computational
Thinking with General Learning Taxonomies. The European Educational Researcher, 6(1), 21-42. DOI:
https://doi.org/10.31757/euer.612
Copyright: © 2022 EUER. This is an open-access article distributed under the terms of the Creative Commons
Attribution License, which permits unrestricted use, distribution, and reproduction in any medium, provided the
original author and source are credited.
Conflict of Interest: None.
Publisher’s Note: All claims expressed in this article are solely those of the authors and do not necessarily represent
those of their affiliated organizations, or those of the publisher, the editors and the reviewers. Any product that may
be evaluated in this article, or claim that may be made by its manufacturer, is not guaranteed or endorsed by the
publisher.
Data Availability Statement: Not applicable.
Ethics Statement: Not applicable.
Author Contributions: Both authors contributed equally in conceptualizing, writing and editing the paper.
Received: June 14, 2022 ▪ Accepted: September 17, 2022

